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Bu sunumda...

e Zaman araligi:
— 2014-2017

e Kaynakca
— Akademik calismalar
— Raporlar
— Medya alintilari

* Tum kaynakca:
http://user.ceng.metu.edu.tr/~altingovde/bigdatagov.html :



http://user.ceng.metu.edu.tr/~altingovde/bigdatagov.html

Kamunun (Buyuk) Veri Macerasi

e Uretici: Milyonlarca veri kiimesi [Acik/bUyik veri]
* Tuketici: Verinin kamu hizmetlerini iyilestirmede kullanilmasi

e Kolaylastirici: Hukuki, teknolojik ve ArGe altyapisi ve
dizenlemeleri



Kamunun (Buyuk) Veri Macerasi

Acik ~ Buyuk

Verli

Verli

* Acik Veri
» Seffaflik / kontrol / hesap verebilirlik
e Tekrar-kullanim: is diinyasi ve 6zel taraflarca



Acik Veri

GET STARTED
SEARCH OVER 197,885 DATASETS
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2009°dan itibaren: data.gov (ABD), data.gov.uk (BK),
data.gov.au (AUS), data.gov.sg (SG) :



Buyuk Veri: Akademik Calismalardan Ornekler

* Saglik

Google Detecting influenza epidemics using
search engine query data

Jeremy Ginsberg', Matthew H. Mohebbi', Rajan S. Patel', Lynnette Brammer?,
Mark S. Smolinski' & Larry Birilliant’
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Buyuk Veri: Akademik Calismalardan Ornekler
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Buyuk Veri: Akademik Calismalardan Ornekler
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Big Data Analytics for Dynamic Energy Management in Smart Grids ~

Panagiotis D. Diamantoulakis ”*, Vasileios M. Kapinas ", George K. Karagiannidis *"



Kamuda Buyuk Veri: 2014
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Kamuda Buyuk Veri: 2014
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Kamuda Buyuk Veri: 2014
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* Projelerin cogu kismen blyuk

veri; veriler yapilandiriimis,
gercek-zamanli / hareket degil

e Kamuda ana hedeflere

ragmen uygulamalar vatandas
katilimi ve is sektorlerine
yonelik

Ulusal oncelikler!

— ABD (guvenlik, saglik)
— Japonya (dogal afetler)
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Kamuda Buyuk Veri: 2017

me Hizmet Sunumu

== Dplitika Belirleme

mm Vatandas Katilimi
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Kamuda Buyuk Veri: 2017

Hizmet Sunumu
R

Proaktif dinleme (Brezilya)
Ebola Acik Veri insiyatifi

Shangai’da 3300 km su boru hattinda sensor projesi

Hindistan’da uydu gorintistnden elektrik kullaniminin takibi projesi

PredPol: Tahminleyici su¢ 6nleme (ABD’de 50 sehirde; Brezilya ve BK’da benzer)
13




Kamuda Buyuk Veri: 2017

Politika Belirleme

Seul’de 3 milyar ¢agri /metin veri noktasiyla gece otobUsleri icin rota
belirleme

- r Avustralya-LinkedIn ortakligiyla is/beceri taleplerini belirleme
m Dinya Bankasi + Flowminder + Haiti mobil tel verisiyle is firsatlari belirlenmesi

. Billion Prices Project (MIT): Cevrim ici fiyat bilgisiyle gercek-zamanli enflasyon
! at'on‘ verisi edinilmesi

Global Forest Watch uydu gorintlisu ve acik verilerle ormanlik alanlari takip
ediyor




Kamuda Buyuk Veri: 2017

Vatandas Katilimi

Brezilya’da 2014 Diinya Kupasi protesto tweet’lerinin analizi (Brezilya’nin kupa
harcamalari elestirildi)

Haiti depreminde arama-kurtarma islemlerinde kalabalik-gtcu kullanan uygulama

15



Devlet Ne Yapmali?

Devlet seviyesinde bluyuk veri kullanimi icin veri kullanimi ve
sahipligi, kisisel gizlilik, sivil ozgurluikler ve esitlik konularinda
dizenleme ve yonetmelikler gerekli

Blyuk veri kontrol kuleleri (2014’den miras [Kim vd. 2014]!)
Algoritmik seffaflik

Kamu-0zel sektor isbirlikleriyle 6zel sektordeki —belki daha
degerli- verinin de kamu ve sosyal fayda icin kullaniimasi

16



ABD’den Giincel Ornekler

Big Data in Government:

FEERALNEY  Progress & Best Practices 2017

FEOERALNER - Dr. Ed Kearns, Chief Data Officer,

= National Oceanic and Atmospheric

, “ Administration (NOAA)

~* Renee Wynn, Chief Information
Officer, NASA

* Frank Konieczny, Chief Technology
Officer, U.S. Air Force

* Ram Pisipati, Data Integration &
Analytics Director, Leidos

 Alan Ford, Director, Government
Systems, Teradata

e Stephen Moore, Vice President, Alpha
Six Corporation
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ABD’den Giincel Ornekler: Projeler

« NASA: ===

— Pilotlarin bayilmasi durumunda yonetimi devralacak bir sistemin egitilmesi

e Ulusal Okyanus ve Atmosfer Dairesi (NOAA):
— Acik veri cercevesinde hava durumu vb. verilerin Amazon lGzerinden acilmasi

e ABD Hava Kuvvetleri

— Veri-Suricula Arag Yonetimi: ~80 bin tasit (7 milyar USD), musteri talep tahmini, stok
yonetiminin iyilestirilmesi, vb. (Teradata ile)

— Potansiyel subaylarin tahmini

e Leidos + NASA

— 1960’dan ginumuze veriler kullanilarak murettabat saghgi icin iyilestirmeler: riskler
ve uzun vadeli etkiler

e Terradata

— cms.gov icin Terradata’nin 600 TB veri Uzerinde sahtekarlik tespiti analizi (3 yilda 10
milyar USD) 18



ABD’den Giincel Ornekler: Dersler

Verilerin farkh birimlerin hikimranligindan alinip birlestirilmesi
(kontrol kulesi?!)

Acik veri sunuluyorsa glivenlik/gizlilik + dogrululuk + veri ile
beraber bulut mimaride calisacak temel yazilim araclari
saglanmasi

Teknolojik esneklik:

— Belli bir Grtin/teknolojiden bagimsiz olmak
— Farkli analitik araclarin sisteme eklenebilir olmasi
— Cevik programlama

Veri analitigi sonrasi bulgulari yorumlayabilecek ve tavsiyeye
donusturebilecek uzman gereksinimi 19



ABD’den Giincel Ornekler: Zorluklar

o Slrec/kaltur: m

— Algilar: makine 6grenmesi her seyi cozer (mi)?! Ateorik olmal!
— Kaynak yetersizligi 2 Endustri isbirligi
e Teknolojik

— Eski sistemlerdeki veriyi anlamak?

— Veriyi yedeklemek degil kullanilabilir sekilde korumak (hangi formatta,
ne zaman faydali, vb.)

— Farkli mimarilerde (Hadoop, veri ambari, vb.) saklanan veriyi tek bir
sekilde gormek (her seyi 0’dan yapmadan!)

— Devlet-seviyesinde glvenlik kurallarinin teknolojiye ve personele
entegrasyonu 20



BlUyuk Veri: Ne Ters Gidebilir?

e Gizlilik: AOL 2006 skandali

= T Q Ebe New lork Eimes

TECHNOLOGY

A Face Is Exposed for AOL
Searcher No. 4417749

By MICHAEL BARBARO and

TOM ZELLER Jr. AUG. 9, 2006 o o

Thelma Arnold's identity was betrayed by AOL
records of her Web searches, like ones for her dog,
Dudley, who clearly has a problem.

Erik S. Lesser for The New York Times

21



BlUyuk Veri: Ne Ters Gidebilir?

e Algoritmik yanhlik? (bias)

B

LOW RISK 3 HIGH RISK 8

orden was rated high risk for future crime after she and a friend

took a kid’s bike and scooter that were sitting outside. She did not
reoffend.

A beauty contest was judged by Al and
the robots didn't like dark skin

The first international beauty contest decided by an algorithm has sparked
controversv after the results revealed one glaring factor linking the winners

22



Sonuc

Olumsuz:

- Buyuk veri kavraminda karisikliklar Dersler:

- Bazi projeler operasyonel veya prototip seviyesinde - Gizlilik / algoritmik seffaflik
- Hedefenen yarara gerceklemis degil - Veriicin sinirlarin agilmasi

- Sifirdan baslama!
- Veri ambari + buyuk veri araclar
- Artirrmsal ve hizli ilerleme

- Veriden elde edileni anlayacak eleman eksi

Olumlu:
- Pek cok buytk olcekli analitik proje de var!
- Ciddi kazanc potansiveli

23



CUMHURIYET BAYRAMI’MIZ Kutlu Olsun!

7. 29 EKIM
(y/z .
//3 CUMHURIYET BAYRAMINIZ KUTLU OLSUN



data.gov: Ornek Uygulamalar [2017]

nsEs

FoodEducate

MEIGHBORHOOD

scout

LCOM

Neighborhood Scout

=S

College Affordability
and Transparency
Center

Power Profiler

Consumer Price Indexes by Iltem
Consumer Price Index

My Pyramid Food Raw Data
Food-a-pedia

Supermarket alisverisinde
barkod tarama ile besin degerlerini 6gren!

FHFA House Price Indexes

Housing Affordability Data System Mahalle bazli sug, okul ve emlak raporu

Certified Schools SEVIS

Neighborhood Environment

Department of Education — National
Center for Education Statistics, Integrated
Postsecondary Education Data System

Universite maliyetleri hakkinda daha iyi
bilgilendirme

Greenhouse Gas Emissions Inventory

National Greenhouse Gas Emission Inventory B0l9€nizde elekirik uretim yollar ve sera

Energy-related Environmental Data etkisini ogrenip, eviniz igin etkiyi belirleme

25


http://catalog.data.gov/dataset/consumer-price-indexes-item#topic=food_navigation
http://catalog.data.gov/dataset/consumer-price-index#topic=food_navigation
http://catalog.data.gov/dataset/mypyramid-food-raw-data-f9ed6#topic=food_navigation
http://catalog.data.gov/dataset/food-a-pedia#topic=food_navigation
http://catalog.data.gov/dataset/fhfa-house-price-indexes-hpis#topic=consumer_navigation
http://catalog.data.gov/dataset/housing-affordability-data-system-hads#topic=consumer_navigation
http://catalog.data.gov/dataset/certified-schools-sevis#topic=consumer_navigation
https://www3.epa.gov/myenv/METACARD?ID=97&minx=-116.68030&miny=35.59925&maxx=-113.63159&maxy=36.73008&cLat=&cLon=&ve=8,36.17191,-115.13997
http://collegecost.ed.gov/
http://www.neighborhoodscout.com/
https://catalog.data.gov/dataset?q=Integrated+Postsecondary+Education+Data+System#topic=consumer_navigation
http://oaspub.epa.gov/powpro/ept_pack.charts
http://catalog.data.gov/dataset/opic-greenhouse-gas-emissions-inventory#topic=energy_navigation
http://catalog.data.gov/dataset/national-greenhouse-gas-emission-inventory#topic=energy_navigation
http://catalog.data.gov/dataset/energy-related-environmental-data#topic=energy_navigation

BK’dan Giincel Ornekler

Big Data in government: the challenges and opportunities

John Manzoni, Chief Executive of the UK Civil Service and
Permanent Secretary of the Cabinet Office

26



BK’dan Giincel Ornekler

* In DWP, providing job seekers with more targeted advice, and
opportunities that closely match their personal profiles.

* Healthcare is another exciting area. Moorfields Eye Hospital
and DeepMind Health are partners in a research project that
could lead to earlier detection of eye diseases.

— Moorfields will share a data set of one million anonymised scans with

DeepMind, who will analyse them using machine-learning
technology. This can detect and learn patterns from data in seconds,

to quickly diagnose whether a condition is urgent.

27



Dersler ve Zorluklar

 We need to think about the collection and storage of data as
part of core national infrastructure, in the same way as we think
of our road and rail systems, energy supply, and
telecommunications networks as infrastructure.

» short of the key data science skills in Government.

 at every level should have an appreciation of the power of data, we're
developing a programme in data literacy for non-data specialists.

* One of the fundamental challenges is that of public trust and
‘buy-in’.
— data security, openness, user need and public benefit.

28

— Safe people Safe proiects Safe settings Safe data Safe output



BlUyuk Veri: Ne Ters Gidebilir?

* Sosyal veri — her zaman dogru/tam olmayabilir!
The Parable of Google Flu: Traps in Big Data Analysis

Citation:

David Lazer, Ryan Kennedy, Gary King, and Alessandro Vespignani. 2014. “The
Parable of Google Flu: Traps in Big Data Analysis." Science, 343, 14 March, Pp. 1203-
1205. Copy at http://j.mp/2ovtEps

Download Citation

Article 121M8 10 Google Flu Lagged CDC
Google Flu + (DC ——— (DC

Abstract: 7l Google estimates more
Large errors in flu prediction we than double CDC estimates
. = 6
offers lessons for the use of big: =
=S
4 —
In February 2013, Google Flu Tre
not for a reason that Google exe 2
0
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BlUyuk Veri: Ne Ters Gidebilir?

e Ayrimcihk?

STANFORD £2
OBl BUSINESS :

Deep Neural Networks Are More Accurate Than Humans at Detecting Sexual

Deep Neural Networks Are More Accurate
Than Humans at Detecting Sexual
Orientation From Facial Images

By Michal Kosinski, Yilun Wang
Journal of Personality and Social Psychology (in press). September 7,
2017.
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Cozum Gelistirme Alistirmasi

BIG DATA IN ACTION
THEORY OF CHANGE

STARTWITHA
QUESTION

grereestrsssreesas DATA INSIOMTS sesssessesevereres grrreee e ACTION IMPLEMENTATION seeerseacy
: WHAT INSIGRTS DO WL DXPECT 10 FIND? : § WHALACTIONS CAN B TACEN, BASID ON oMy

secer DATA GENERATION sovsssocssnnces :
UNIT. TRIOGER, MEDA | ° @ : Y OUNC
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Kamuda Buyuk Veri: 2

isler ve Beceriler: Biyuk Veri ile is Pazarini|
— Daha iyi eslestirme saglanabilir

— Devletler becerilere talebi daha iyi anlamak ve kaynaklari ilgili egitime
yonlendirmek yoluyla dinamik, proaktif ve direncli is glict saglayabilir

 Muhasebe: BlyUlk Veri ile Devlet Gorevlilerinin DurustlGgu?
 Saglk: Buylk Veri ile Onleyici Yaklasimlar?

e Ulasim: Buyuk Veri ile Kalabalik Sehirlerde Ulasimin
lyilestirilmesi?

32



Kamuda Buyuk Veri: 201

e CAzUm Prototipi Uretme:

— Organizasyonunuzun onumuzdeki 3 yilda buyulk veri ile ilgili vizyonu?

— Hangi devlet hizmetleri dnimuzdeki 3 yilda buylk veri ile en
temelden degisme potansiyeli tasiyor?

— Belirlenen alanlar icin bu hizmetler nasil degisebilir?

33



